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Abstract

This thesis investigates the readiness of employees to embrace the ongoing revolution in
artificial intelligence (Al), situating the analysis within both historical and contemporary
contexts. Through a combination of theoretical modeling, empirical data, and historical
comparison, the research aims to understand how workers are responding to the accelerating
integration of Al in the workplace and what lessons can be drawn from previous technological
transformations to guide this adaptation.

The study begins by examining foundational models of technology adoption, such as the
Technology Acceptance Model (TAM) and the Diffusion of Innovation Theory, which shed
light on individual and organizational behavior in the face of new tools. These frameworks are
then applied to recent labor market data across Europe, with a particular focus on France, to
evaluate current levels of Al exposure, adoption, and perceived utility among employees. The
analysis reveals a clear divide: while some workers and sectors are adapting quickly, benefiting
from new efficiencies and roles, others, particularly those in routine or low-exposure
occupations, face displacement risks and lack adequate support structures.

To better understand this dynamic, the thesis turns to past revolutions, the Industrial,
Agricultural, and Digital, exploring how societies historically navigated disruptions to labor,
skill requirements, and institutional frameworks. These cases demonstrate that while
technology often brings long-term gains, short-term dislocations are inevitable without
proactive intervention. Applying these insights to the present moment, the thesis highlights that
the Al revolution is distinct in its exponential pace and cognitive scope, challenging not just

what we do at work, but how we learn, adapt, and define human value.



The final section projects plausible futures across different time horizons, emphasizing the need
for individual adaptability and systemic reform. Workers may need to reinvent themselves
entirely, sometimes in unrelated domains, while identifying new forms of value rooted in
uniquely human traits. In this context, adaptability, algorithmic literacy, and critical thinking
emerge as essential competencies. The thesis concludes by arguing that while individual
preparedness is vital, it must be matched by institutional foresight. A natural extension of this
work would be to explore how prepared policymakers and public institutions are to govern this

transition in a way that ensures both economic resilience and social justice.
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Introduction

Throughout history, major technological changes have reshaped human life: from the first time
humans learned to farm, to the rise of factories during the Industrial Revolution, and more
recently, the spread of digital technology. Today, another major change is unfolding with the
rapid growth of artificial intelligence (AI). This thesis explores an essential question:

"How prepared are employees to embrace the Al revolution, and what lessons can be
drawn from past technological transformations to ensure success?"

This question is highly relevant because Al is no longer a distant idea; it is transforming the
way people work, learn, and even think. As Al systems become increasingly capable of
performing tasks that once required human judgment, creativity, and decision-making, it
becomes necessary to examine how education systems, employment models, and public
policies can adapt to this evolution. By studying how individuals and societies responded during
the agricultural, industrial, and digital revolutions, the thesis aims to extract important lessons
for managing technological change. It then highlights how the current revolution differs from
past transitions. Finally, it assesses societal readiness and proposes recommendations and
initiatives to support a smoother transition.

The relevance of this topic lies in the speed of current technological change. Decisions made
today will have lasting impacts on the future. A failure to adapt could lead to many individuals
being left behind, especially in a world where autocratic regimes are re-emerging and where,
as discussed in works such as Nexus by Yuval Noah Harari, "alien intelligence" systems could
increasingly influence human decisions and shape the future. This is a scenario that must be
avoided. The objective of this research is to offer ideas and strategies that help ensure that
society benefits as a whole from the Al revolution.

The methodological approach of this thesis does not rely on external interviews or other types

of internal primary research. Instead, it is based on large-scale industry reports, academic



literature, publicly available expert interviews, and historical analogies to generate structured
and generalizable insights. This choice is motivated by the nature and pace of the subject:
individual opinions, especially when gathered in small samples, are not considered a reliable
foundation. Furthermore, organizations such as McKinsey & Company, the OECD, and the
World Economic Forum have already conducted broad and rigorous studies involving
thousands of participants, providing a much stronger empirical base than what could be

achieved with limited research resources.



Methodology

As outlined in the introduction, the research methodology used in this thesis is based on a
qualitative and exploratory approach. Rather than conducting interviews or surveys, which can
be limited in scale and relevance for a rapidly evolving topic, the study relies on existing
research and large-scale data collected by recognized institutions. These include reports and
surveys from the European Central Bank (ECB), the OECD, the World Economic Forum
(WEF), and other organizations that have already examined the impact of Al across countries,
industries, and populations.

In addition, academic literature and public interviews with experts and Al developers were used
to understand how individuals are reacting to Al in the workplace. These sources provided key
insights into the challenges and trends surrounding employee perceptions and adoption of new
technologies. The findings were then compared with historical data from past technological
transformations such as the Industrial Revolution, the Second Agricultural Revolution, and the
Digital Revolution, in order to identify patterns and draw relevant lessons for the current period.
Theoretical models such as the Technology Acceptance Model (TAM) and the Diffusion of
Innovation Theory were also used to analyze technology adoption at both individual and
organizational levels. These frameworks helped explain why some people or companies adopt
Al more quickly, while others show greater hesitation.

The overall objective of this methodology was to combine a wide range of reliable sources to
present a clear and structured picture of employee readiness for the Al revolution. The study
prioritizes generalizable, large-scale evidence over individual opinions, as the pace and

magnitude of this technological shift require a broader analytical perspective.



Part 1: Readiness of Individuals and Companies

To understand how prepared individuals and organizations are to embrace artificial intelligence,
it is essential first to explore the theoretical foundations that explain how technological change
is adopted. Before analyzing real-world data or behavioral patterns, it is necessary to establish
a conceptual lens through which to interpret them. This section therefore turns to well-
established models that shed light on the mechanisms of technological adoption, both at the
individual and societal levels. These frameworks provide the analytical structure needed to
make sense of the heterogeneous reactions to Al observed across different sectors, age groups,
and organizational settings. Grounding the analysis in theory makes it possible to distinguish
between superficial resistance and deeper structural barriers, and to identify the drivers of
successful adoption. By starting with theoretical foundations, the thesis builds a base that will

support the more empirical and historical inquiries that follow.

Theoretical Models and Adoption Methodologies

Understanding how technological change is adopted across organizations and individuals
requires grounding in robust theoretical frameworks that explain behavioral dynamics. Two of
the most influential models in this regard are the Technology Acceptance Model (TAM) and
Diffusion of Innovation Theory, both of which are particularly pertinent to the analysis of
artificial intelligence (AI) adoption in the workplace. TAM, originally formulated by Davis
(1989), posits that individuals are more likely to accept and use a new technology when they
perceive it as useful for their professional tasks and easy to use within their existing workflows.
This model has been widely validated in various domains of digital transformation, and more
recently applied to Al contexts. A notable example is the study by Garos (2020), which applied

an extended TAM framework to employee adoption of Al tools. The findings confirmed that
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perceived usefulness remained the dominant driver of intention to adopt, while ease of use had
an indirect effect, suggesting that employees will tolerate complexity if the expected benefits
are clear and tangible. The role of trust and social influence was also recognized as supportive
but secondary. These insights are corroborated by large-scale empirical data: a 2024 survey
analyzed by Ibrahim et al. (2025) revealed that employees who held a growth mindset, the belief
that their abilities can improve with effort and learning, were more receptive to Al, particularly
when they believed the tools would enhance productivity, reduce repetitive tasks, or open up
new learning opportunities. These attitudes are not only psychological but are also deeply
shaped by the organizational narratives surrounding Al and the visibility of its impacts.

Where TAM helps explain the individual psychology of adoption, Diffusion of Innovation
Theory, introduced by Rogers (2003), offers a broader sociological lens by focusing on how
innovations propagate through populations over time. This theory categorizes adopters into five
groups, innovators, early adopters, early majority, late majority, and laggards, and identifies key
attributes that influence the diffusion rate of a given technology: relative advantage,
compatibility, complexity, trialability, and observability. These concepts help explain the
uneven pace of Al diffusion observed across firms and sectors. For instance, the compatibility
of Al tools with current workflows has emerged as a decisive factor: in France, 78% of
companies that have not adopted Al report that they do not perceive Al as compatible with their
line of work, citing a lack of relevance or adaptability to their specific processes (Pole Emploi,
2023). This response illustrates how structural and contextual barriers can significantly slow
down technological diffusion, even when the potential benefits are recognized. Moreover,
Rogers’ concept of observability is particularly relevant in the early stages of adoption:
organizations are more likely to follow suit when they can clearly see successful
implementations in peer firms, especially when outcomes like productivity gains or improved

service quality are well-publicized. Therefore, encouraging pilot programs, showcasing success
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stories, and investing in knowledge diffusion are key strategies for accelerating adoption across
the diffusion curve. Taken together, TAM and diffusion theory underscore that technology
adoption is not merely a matter of technical functionality, but a complex process shaped by
human perceptions, institutional readiness, and social dynamics. These models provide a
valuable lens through which to assess the current state of Al readiness in the workplace and
establish a conceptual foundation for analyzing the next critical element: how prepared workers
themselves are, psychologically, socially, and in terms of skills, to navigate this profound

technological shift.

Worker Preparedness

As explored in the previous section, psychological models such as the Technology Acceptance
Model and Diffusion of Innovation Theory emphasize the importance of perceived usefulness,
compatibility, and social exposure in determining how new technologies are embraced. To
assess how these forces are currently unfolding across the European labor market, it is essential
to turn to recent large-scale surveys and institutional data. Studies from the European Central
Bank (ECB), Eurostat, and other organizations provide detailed insights into how workers and
companies in the EU, and particularly in France, are reacting to the rise of artificial intelligence
(AI). According to the ECB’s 2024 survey on consumer expectations, most European workers
do not perceive Al with overwhelming fear; instead, the general outlook is cautiously
optimistic. Specifically, 41% of workers across the euro area believe that Al will have a positive
impact on their jobs or career prospects within the next five years, while 37% expect no
significant change and only around 20% foresee negative effects such as job loss or reduced
career opportunities. These figures challenge the widespread assumption of a fearful or resistant
workforce and instead highlight a moderate but hopeful attitude, particularly among younger

and more educated workers, who are both more likely to use Al at work and to report positive
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expectations about its impact. For instance, 36% of employees aged 18-34 already use some
form of Al in their job, compared to only 18% of those aged 55-74, illustrating that familiarity
with Al is strongly linked to more favorable perceptions (ECB, 2025). This exposure effect
aligns directly with the theoretical importance of observability and trialability in the diffusion
of innovation. Similarly, occupational roles also shape attitudes: managers, technicians, and
professionals, whose tasks often involve data analysis or decision-making, are more likely to
use Al and to perceive it as a tool that enhances their performance. In contrast, workers engaged
in manual or routine-based roles, who are less exposed to Al tools, tend to express more
skepticism, likely because they associate Al with replacement rather than assistance. This
divide highlights the need to provide targeted support and accessible training, especially to
those segments of the workforce at risk of being left behind. This concern is backed by findings
from Dias and Weiller (2025), who show that employees who receive training are significantly
more confident and open to Al adoption. However, there remains a major gap between usage
and support: a 2025 report by the Adecco Group revealed that although 70% of workers in
Europe report already using Al tools in some form, less than half receive any guidance or
training from their employer. Even more telling is that 57% of employees explicitly ask for Al
training from their companies, underlining a widespread desire to upskill but a lack of
institutional support (Adecco Group, 2025). Without such training, the risk of an Al divide,
between those who benefit from the technology and those who are displaced by it, becomes
more real. Turning to companies, Eurostat data show a growing but uneven pattern of adoption
across Europe: in 2024, 13.5% of enterprises (with more than 10 employees) were using at least
one Al technology, a notable increase from 8.0% in 2023 (Dias & Weiller, 2025). Adoption is
particularly high in Northern Europe (with countries like Denmark and Sweden nearing 25-
28%), while Southern and Eastern countries lag far behind. France finds itself somewhere in

the middle: by mid-2023, around one-third of French companies had started to implement Al
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tools, reflecting a strong acceleration following the widespread release of generative Al systems
like ChatGPT in late 2022 (Half of French Companies Won’t Use Al, 2023). If this trajectory
continues, France could reach its national objective of 75% Al adoption by 2030 (France | AWS,
2024). However, there remains a significant share, about 50%, of French businesses that still
report no intention of adopting Al. The main barriers cited are again psychological and
structural: 78% of non-adopters say Al is incompatible with their current work processes, while
another 15% admit they are hesitant due to fear or distrust of the technology (Half of French
Companies Won’t Use AI, 2023). These findings reflect the influence of perceived
compatibility and complexity, key barriers in both TAM and diffusion theory, and show that
attitudes at the organizational level mirror those observed among individual workers.
Interestingly, companies that have already adopted Al are reporting overwhelmingly positive
outcomes, both in terms of employee performance and skill development: 73% say that Al has
improved employee productivity, and 74% believe it has contributed to upskilling their teams.
Larger firms are especially active: in France, 34% of businesses with more than 100 employees
and 45% of those with over 200 have already implemented Al (Half of French Companies
Won’t Use Al, 2023). This confirms that resources, scale, and organizational readiness play a
major role in adoption, a dynamic that reinforces existing inequalities between large firms and
smaller SMEs, which often lack the budget, data infrastructure, or internal capabilities to adopt
Al quickly. This divide has led many analysts to call for targeted support and policy
interventions to help smaller firms access training, technical resources, and use cases that would
make Al more compatible with their needs. Encouragingly, many companies recognize that
investment in human capital is essential: two-thirds of Al-adopting French firms are already
providing Al-specific training to employees, and one-fifth are hiring new workers specifically
for their Al skills. Still, hiring remains difficult: 51% of French firms say that basic digital skills

are the most lacking in their workforce, and only 19% report that it is easy to recruit digitally
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skilled talent (France | AWS, 2024). This mismatch between labor market supply and demand
suggests a need for systemic solutions, including updating education curricula, funding
vocational retraining programs, and strengthening partnerships between the private sector and
public institutions. In conclusion, readiness to embrace Al across the European workforce is
increasing but uneven, shaped by a complex interplay of attitudes, exposure, organizational
support, and structural capabilities. While many workers are motivated to adapt and many firms
are taking steps forward, the gap between leaders and laggards, whether in terms of skill,
infrastructure, or mindset, remains wide. Addressing this divide will be crucial if Europe is to
ensure that the Al revolution brings broad-based benefits rather than reinforcing existing
disparities. As the next section will show, history offers valuable lessons on how societies have
managed similar transformations in the past, and what strategies helped make transitions more

inclusive and successful.
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Part 2: Past Revolutions and Lessons [.earned

Before turning to the specific challenges and opportunities posed by artificial intelligence, it is
essential to situate this transformation within a broader historical perspective. Technological
revolutions have shaped the trajectory of work and society for centuries, often disrupting
established norms while simultaneously unlocking new forms of productivity, labor, and human
development. By revisiting major past transitions, most notably the Industrial Revolution, the
Second Agricultural Revolution, and the Digital Revolution, it is possible to extract patterns,
responses, and lessons that remain highly relevant today. This section does not attempt to draw
simplistic parallels, but rather to understand how societies have previously adapted to systemic
change, and what conditions enabled equitable outcomes or exacerbated divides. Such a
retrospective lens allows for an approach to the Al revolution with greater clarity and humility,
recognizing that while each transformation is unique in its technological content and pace, the
human challenges they raise, displacement, reskilling, resistance, and institutional adaptation,
are remarkably recurrent. These insights provide not only a comparative framework, but also a

foundation for more informed recommendations in the latter part of the thesis.

Industrial Revolution

The Industrial Revolution, which began in Britain in the late 18th century and gradually spread
across continental Europe throughout the 19th century, represents one of the most profound
technological and social transformations in human history. It provides a powerful historical lens
through which to examine the disruptive dynamics of today’s Al revolution, especially in terms
of labor, institutional response, and long-term adaptation. Prior to industrialization, European
economies were predominantly agrarian, with most individuals engaged in subsistence farming

or specialized artisanal trades. Production was decentralized and local, carried out in homes or
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small workshops, and powered primarily by human or animal labor (Wilkinson, n.d.). This
traditional model was dramatically overturned by a wave of mechanization, epitomized by
innovations such as the spinning jenny, the power loom, and the steam engine. These
technologies enabled mass production for the first time, concentrating labor into large-scale
factories that demanded new forms of organization and discipline. The shift from agrarian to
industrial society was not merely economic but deeply spatial and social. In Britain, the
proportion of people living in urban areas grew from roughly 20% in 1800 to 50% by the mid-
19th century, as workers migrated en masse to industrial centers in search of employment
(Wilkinson, n.d.). Similar, though temporally staggered, urbanization trends took place in
France, Germany, and Belgium, marking a fundamental reconfiguration of the social fabric.

For the labor force, the transition was both disorienting and destabilizing. Traditional artisanal
skills that once took years to master were rapidly devalued. Tasks that previously required
specialized craftsmanship, such as weaving, metalworking, or carpentry, were now executed by
machines, often with minimal human intervention. This process of deskilling meant that
workers were increasingly valued not for their individual expertise but for their capacity to
perform repetitive, standardized tasks in factory settings. Moreover, factories operated under a
logic of efficiency and productivity that imposed strict time discipline, replacing the flexible
rhythms of rural life with regimented shifts and mechanized control. Workdays often extended
to 12-16 hours, and labor conditions were frequently dangerous and unhealthy. Women and
children were widely employed due to their perceived docility and because they could be paid
lower wages, further entrenching exploitative dynamics. These harsh realities generated both
individual hardship and collective resistance. The most iconic example is the Luddite
movement in England (1811-1813), where textile workers protested the introduction of
automated looms by smashing machinery they believed was destroying their livelihoods. In

France, the canuts, silk workers in Lyon, staged violent uprisings in the 1830s in response to
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declining wages and increasing mechanization of the weaving process. These episodes
underscore a central historical truth: technological advancement is often perceived not as an
opportunity but as a threat by those most directly affected, particularly when the change is rapid
and imposed without adequate support or compensation.

Despite these fears, many of which were justified in the short term, industrialization did not
lead to long-term mass unemployment. Over time, new sectors such as railroads, mining, steel
production, and mechanical engineering emerged, absorbing displaced labor and generating
new employment opportunities. As noted by Dias and Weiller (2025), this process of job
creation was not automatic; it was contingent on structural change, economic growth, and
adaptive institutions. Indeed, the institutional landscape played a critical role in shaping how
societies navigated industrialization. At first, European governments largely adhered to laissez-
faire principles, avoiding interference in economic affairs and labor relations. However, the
sheer scale of social disruption and public outcry eventually forced political responses. In
Britain, the Factory Acts, beginning in 1833 and gradually expanded over the following
decades, introduced minimum age requirements, regulated working hours for women and
children, and mandated basic workplace safety standards. These early regulatory frameworks
marked the beginning of state intervention in the labor market, laying the groundwork for
modern labor law and social protections. Similar developments occurred elsewhere: for
example, Prussia (and later unified Germany) began regulating labor conditions in the 1850s
and 1860s, while France slowly adopted comparable legislation through the Third Republic.
In parallel to legal reforms, collective worker organization gained momentum. Trade unions
and mutual aid societies emerged across industrial centers, providing workers with mechanisms
for solidarity, negotiation, and eventual political influence. Though initially suppressed or
ignored by authorities, these movements became central to improving wages, working

conditions, and worker rights, especially during the second half of the 19th century. The
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historical importance of these early unions lies in their ability to reframe the relationship
between labor and technology, not by rejecting modernization outright, but by demanding a
more equitable distribution of its benefits. This dynamic has deep relevance today: just as
industrial workers organized to shape the conditions under which mechanization was
implemented, modern employees may need to engage in social dialogue around Al integration,
algorithmic management, and workplace transformation.

Perhaps the most enduring institutional response to industrialization, however, was the
expansion of education. Pre-industrial societies had limited access to formal schooling, with
literacy often confined to religious or elite circles. But as industrial economies grew more
complex, they demanded a workforce capable not only of physical labor but also of following
written instructions, performing calculations, and eventually managing technical processes.
This recognition led to the development of universal primary education, codified in laws such
as the Elementary Education Act of 1870 in the United Kingdom and the Jules Ferry Laws in
France (1881-1882), which made primary schooling free, secular, and compulsory. These
reforms were driven not only by moral or democratic imperatives but also by the economic
need to prepare children for a new world of factory labor and bureaucratic administration. The
education system also came to function as a mechanism of social integration, instilling norms
of punctuality, discipline, and hierarchical obedience, traits that mirrored the structure of
industrial work. Beyond basic schooling, the 19th century also saw the growth of technical and
higher education to support the increasing demand for engineers, chemists, accountants, and
administrators. In France, institutions like the Ecole Polytechnique and a new network of
technical schools supplied the knowledge base for industrial modernization. In Germany, the
Technische Hochschulen and research universities became global models of applied scientific

education. These institutions enabled not only the reproduction of skilled labor but also the
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advancement of innovation itself, reinforcing the feedback loop between technology and human
capital.

In summary, the Industrial Revolution illustrates that while technological change can initially
displace workers and worsen conditions, long-term adaptation and shared progress depend on
institutional support, skills development, and evolving mindsets. Societies that invested in
public education, implemented labor protections, and facilitated collective negotiation were
better able to manage the disruption and reap the benefits of industrial growth. Crucially, this
process took decades and was often painful; productivity gains alone did not translate into
improved well-being until governments and civil society intervened to steer the transition. In
the current moment, as Al introduces a new wave of task automation, decision-making
delegation, and productivity potential, the historical case of the Industrial Revolution serves as
a reminder that technology’s benefits are not automatic, they must be structured and distributed
intentionally. Moreover, just as attitudes toward machines evolved over the 19th century, from
fear and hostility to acceptance and reform, the present discourse around Al may also shift,
from anxiety about job loss to questions of governance, access, and fairness. The Industrial
Revolution ultimately did not destroy work but changed its form; the same may be true of the

Al revolution, provided that lessons from the past are learned and applied accordingly.

Second Agricultural Revolution

Running parallel to and deeply intertwined with the Industrial Revolution, the Second
Agricultural Revolution unfolded between the early 18th and late 19th centuries and constituted
a massive transformation in how food was produced, land was used, and labor was organized
in Europe. While it did not involve the dramatic visuals of smokestacks or mechanized
assembly lines, its impact on labor dynamics, population distribution, and economic structures

was equally consequential, if not more so. Historians characterize this period as the moment
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when agriculture transitioned from a subsistence activity to a system of scientifically managed,
increasingly capital-intensive production, laying the demographic and material foundations for
industrial capitalism. At the heart of this revolution was a wave of innovations that boosted
agricultural productivity, enabling fewer workers to feed more people and thus allowing large
segments of the population to leave the land and enter urban industrial labor markets. Among
these innovations were the introduction of systematic crop rotations, most famously the Norfolk
four-course rotation, which replenished soil nutrients and broke cycles of land exhaustion, and
the cultivation of new crops, such as potatoes and clover, that dramatically improved caloric
intake and nitrogen fixation respectively (Wilkinson, n.d.). These agronomic changes were not
merely technical; they fundamentally altered the incentives and rhythms of agricultural life,
promoting year-round cultivation and reducing the frequency of fallow periods.

In tandem, mechanization began to alter the very nature of farm labor. The invention of the seed
drill by Jethro Tull in 1701 allowed for the uniform planting of seeds at regular depths and
spacing, significantly improving germination rates and reducing waste. Later in the 19th
century, the mechanical reaper developed by Cyrus McCormick in the United States spread to
Europe and made harvesting vastly more efficient. Threshing machines and improved iron
plows followed, and by the early 20th century, tractors powered by internal combustion engines
began to replace both human and animal labor, though their widespread adoption would come
later. These machines did not merely replace workers; they changed the skill requirements of
agricultural labor, creating demand for new types of competencies such as machinery operation
and maintenance. At the same time, selective breeding became more systematic, with figures
like Robert Bakewell applying scientific principles to livestock, producing larger and more
productive animals that yielded more meat, milk, and wool. The combined effect of these
changes was a sharp increase in agricultural yields per worker, a milestone that fundamentally

restructured the labor economy. Where once a vast majority of people were tied to the land out
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of necessity, the Second Agricultural Revolution freed up human capital, creating the conditions
for an industrial workforce to emerge.

Perhaps the most socially disruptive element of this revolution was the reconfiguration of land
ownership, especially visible in England through the Enclosure Acts. These parliamentary
decisions, passed throughout the 18th and early 19th centuries, privatized common lands that
had historically been used by small farmers and peasants for grazing or subsistence farming.
While this consolidation improved agricultural efficiency and facilitated the adoption of
modern techniques, it displaced tens of thousands of rural inhabitants, many of whom had no
choice but to seek wage labor in towns and cities. A similar, though less centralized, pattern
occurred in France, where land reforms after the 1789 Revolution gave rise to a new class of
small peasant proprietors. However, over the course of the 19th century, even in France, the
logic of land consolidation and market integration led to gradual rural depopulation. This shift
was not universally welcomed. The Swing Riots of 1830 in southern and eastern England, for
example, were a rural protest movement against both the enclosure of land and the introduction
of threshing machines. Peasants destroyed equipment and demanded fair wages and access to
common resources. Although these uprisings were ultimately repressed, they reflect the
recurring historical theme that technological progress, when not accompanied by institutional
support and redistribution, generates legitimate fear and resistance among those whose

livelihoods are threatened.

Quantitatively, the labor implications of this transformation were massive. Around 1700,
between 60% and 80% of Europeans worked in agriculture. By 1900, in industrialized countries
such as Britain, this had fallen to around 10-15%. Even in more agrarian nations like France,
agriculture’s share of employment fell below 50% by the end of the 19th century, continuing its

decline into the 20th. This occupational displacement, often seen as a cost, was in fact one of
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the primary enablers of economic development: it allowed labor to be reallocated to higher-
value sectors such as manufacturing, transportation, and eventually services. Moreover, this
shift was not just economic, it was deeply cultural. People left behind centuries-old village life
and communal economies for the anonymity and hierarchy of factory work and urban living.
The very idea of work changed: from a seasonal, family-based rhythm oriented around land
cycles to a standardized, monetized, and increasingly specialized system of wage labor. This
cultural dislocation mirrors the kind of disruption Al is beginning to bring to the modern
workplace, where long-established routines and professional identities are being challenged by
intelligent systems that can perform routine cognitive tasks faster, cheaper, and in some cases
more accurately than humans.

Crucially, the long-term impact of the Second Agricultural Revolution was not mass
unemployment or collapse, but rather the emergence of entirely new types of work and new
social structures. Freed from subsistence agriculture, people became factory workers, clerks,
teachers, engineers, artists, and entrepreneurs. Entire professions emerged that had no parallel
in the pre-modern world, from industrial chemists to journalists to stockbrokers. Society did
not merely survive the reduction of agricultural labor, it thrived on the back of it, because the
transition was accompanied (albeit imperfectly) by investment in education, infrastructure, and
institutional change. This historical precedent is deeply relevant for how the Al revolution
should be approached. Today, Al is already automating many low-productivity jobs, such as
basic data entry, customer support, transcription, and inventory management, and will likely
continue to affect large swaths of both blue-collar and white-collar work. Yet, as with
agriculture, the displacement of human labor from repetitive or routine tasks should not be seen
purely as a threat. Rather, it represents a historic opportunity to reallocate human potential

toward more meaningful, creative, and socially valuable pursuits.
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Moreover, Al offers a revolutionary shift in how individual capacity and specialization are
conceptualized. Historically, one of the major barriers to innovation and entrepreneurship was
the need for complementary technical skills: a business-savvy person might have an idea for a
product but lack the ability to code it, requiring a team or costly outsourcing. In this way, human
endeavor was limited by individual specialization. The Second Agricultural Revolution helped
begin to dismantle this by reducing the time needed for food production, thus allowing
individuals to specialize in new fields. Today, Al completes this process: with generative
models capable of writing code, designing websites, summarizing legal documents, or
producing marketing materials, a single individual can now execute projects that previously
required entire interdisciplinary teams. In concrete terms, this means that an entrepreneur no
longer needs to wait for a technical co-founder to build a prototype; Al can generate the code,
simulate user interactions, and even test performance. This convergence of tools suggests that
Al may become for intellectual labor what the tractor was for physical agriculture, a multiplier

of productivity that shifts the frontier of what individuals and societies can accomplish.

However, as the agricultural example shows, technological diffusion is never neutral or
automatic. In the early phases of the Second Agricultural Revolution, large landowners and
literate farmers reaped the most benefits, while smallholders and laborers were often left
behind. Over time, this led to efforts to democratize access: cooperative farming models, rural
credit systems, and eventually state subsidies and education programs were introduced to
reduce inequality and protect food security. Today, a similar imperative exists. The gap between
companies and workers who can access, afford, and understand Al and those who cannot is
widening. Without deliberate policy, this could reproduce or even exacerbate existing

socioeconomic divides. As with the spread of agricultural knowledge through agrarian societies,
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extension services, and schools of agronomy, Al literacy must be seen as a public good,
something to be promoted through formal education, workplace training, and civic initiatives.

In conclusion, the Second Agricultural Revolution catalyzed a profound reallocation of labor,
displacing workers from the land but ultimately raising productivity and enabling entirely new
forms of work, wealth, and human development. It demonstrates that technological disruption
can be beneficial, if it is managed thoughtfully, inclusively, and supported by the right
institutions. As the Al revolution now unfolds, the parallels are clear. Just as agriculture was
transformed by machines, techniques, and knowledge systems that altered what it meant to
work and produce, Al is reshaping the cognitive and creative economies. The challenge today
is to ensure that this transformation does not leave behind the digitally excluded or the
economically vulnerable. But the opportunity, as history shows, is enormous: to transcend the

limitations of routine labor and unlock new forms of human flourishing.

Digital Revolution

The Digital Revolution, also referred to as the Third Industrial Revolution, marked the
transition from mechanical and analog technologies to the widespread use of digital computing,
communications infrastructure, and the internet. Beginning in the 1970s with the development
of mainframe computing and intensifying throughout the 1980s to the early 2000s with the
spread of personal computers, digital networks, and eventually mobile technologies, this
revolution has had a profound and lasting impact on the structure of economies, labor markets,
and everyday life. It represents the immediate historical precursor to the current Al revolution,
which can be understood not as a distinct rupture but rather as the next step in the broader digital
transformation of society. Artificial intelligence, especially in its recent forms such as
generative Al and machine learning systems, builds upon the foundations of digital

computation, data accumulation, and connectivity developed during this period. What
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distinguishes the digital revolution is both its breadth and speed: unlike earlier technological
shifts which unfolded over generations, the digital transformation has occurred within a single
lifetime, with multiple waves of disruption, from mainframes, to PCs, to the internet, to
smartphones, radically reshaping the economy every decade. As a result, it has become clear
that continuous technological evolution is now a permanent feature of economic life, and
societies that are unable to keep pace risk exclusion or stagnation. This insight is crucial for
understanding the dynamics of Al, which inherits the momentum, challenges, and opportunities

of the digital age.

The digital revolution fundamentally restructured labor markets and the distribution of skills
and opportunities. Many low-skill, routine tasks, especially in administrative and clerical roles,
were displaced by office automation technologies such as word processors, spreadsheets, and
database management systems. Jobs such as typists, filing clerks, and switchboard operators
saw significant declines, while new roles emerged that required digital proficiency and
adaptability. In the industrial sector, computer numerical control (CNC) machines and industrial
robotics automated repetitive tasks on factory floors, raising productivity but also contributing
to job losses in certain manufacturing segments, particularly in developed economies (some of
which were also affected by offshoring). As Irene Mandl at Eurofound has emphasized, the
impact of digitalisation has been deeply stratified: workers with high-level digital skills have
often seen expanded opportunities and increased wages, while those with only routine or
manual skills have faced increasing precarity and displacement (Mandl, 2020). This
polarization of the labor market became especially visible in the 2000s, when employment data
revealed strong growth in both high-skill, high-wage and low-skill, low-wage service jobs,
while middle-skill roles (often more easily automated) were gradually hollowed out, a

phenomenon known as job polarization. The lesson here is clear: technology does not affect all
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workers equally, and without proactive skill development and inclusive access, innovation can
widen socioeconomic divides.

Recognizing this challenge, both public and private actors responded with initiatives aimed at
building digital literacy and mitigating displacement. In the 1990s, many companies offered in-
house training programs to familiarize employees with personal computing. At the European
level, the launch of the European Computer Driving Licence (ECDL) in 1996 was a landmark
initiative, offering standardized certification in basic digital skills across EU member states.
Educational systems also began integrating IT into school curricula, preparing new generations
for a future in which digital fluency would be a baseline requirement for employability. Yet,
despite these efforts, the pace of technological change outstripped institutional adaptation, and
older workers in particular often found themselves at a disadvantage, struggling to keep up with
new tools or transitioning into early retirement. This generational divide highlights the
importance of lifelong learning, a theme that would later become central in the discourse around
Al The digital revolution made clear that one-time education is no longer sufficient; instead,
workers and organizations alike must adopt a mindset of perpetual skill renewal to remain
competitive in an environment defined by rapid innovation. This necessity becomes even more
urgent in the context of Al, where the tools themselves evolve rapidly and where proficiency
requires not only usage but a critical understanding of how intelligent systems function and
make decisions.

Equally important were the changes to business models and organizational structures. The
digital revolution allowed companies to reengineer their workflows, optimize logistics, and
restructure hierarchies around data-driven decision-making. Entirely new industries, such as
software development, IT consulting, online media, and e-commerce, emerged and quickly
expanded, often disrupting traditional incumbents. The classic example is Kodak, which failed

to adapt to the rise of digital photography and was overtaken by more agile digital competitors.
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For workers, this meant the disappearance of long-established career paths and the emergence
of new ones: positions like social media manager, data analyst, or UI/UX designer became
commonplace, while roles like typing pool supervisor or film processor faded into
obsolescence. This shift underscores another critical lesson relevant for Al: adaptability and
openness to cross-disciplinary competencies are becoming more valuable than narrow expertise
in static tasks. Workers must now be prepared to navigate nonlinear careers, transitioning
between sectors and continuously updating their knowledge base. Governments attempted to
soften these transitions through active labor market policies, such as unemployment benefits,
retraining programs, and public employment services, with mixed results. The challenge
remains: ensuring that social safety nets and training systems are agile enough to match the
pace of technological disruption.

The Digital Revolution also sparked fears of mass unemployment, echoing earlier anxieties
during the industrial era. In the 1960s, the initial rise of automation led to concerns about the
“jobless future,” and in the 1980s-1990s, the so-called “productivity paradox” emerged: while
computing technologies were spreading rapidly, productivity statistics did not immediately
reflect the expected gains, leading some to question whether the digital economy would actually
deliver on its promises. However, by the late 1990s and into the 2000s, evidence showed that
IT had contributed significantly to productivity growth, particularly in sectors like finance,
logistics, and communication. Unemployment rates in technology-leading economies often
declined, demonstrating that although technology disrupts existing jobs, it also creates new
forms of employment, a theme reinforced by studies such as Technology at Work: How the
Digital Revolution Is Reshaping the Global Workforce (2016). This insight is particularly
relevant for Al: just as the computer did not eliminate work but transformed it, Al is unlikely

to render human labor obsolete, but it will certainly redefine which human contributions are
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most valuable, and this redefinition will require careful management, public communication,
and institutional foresight.

Beyond skills and employment, the Digital Revolution also altered the temporal and spatial
dimensions of work. With the rise of mobile technology and digital communication tools,
remote work became technically feasible well before it became common. In some sectors, this
flexibility led to increased job satisfaction and better work-life balance. In others, it created a
culture of constant availability, with workers expected to respond to emails or messages outside
of traditional hours. This prompted new debates about labor rights, culminating in legal
innovations such as the “right to disconnect” laws in countries like France. These developments
illustrate that technological revolutions do not only change what work is done, they change
when, where, and how it is done, requiring adaptive governance and continuous societal
negotiation. Similarly, as Al systems become embedded in workflows, from virtual assistants
to algorithmic managers, new norms and expectations will need to be established to ensure that
human agency, dignity, and well-being remain protected.

In conclusion, the Digital Revolution reshaped the structure of labor markets, the nature of
skills, and the logic of organizations, setting the stage for the Al era now emerging. Its lessons
are both practical and philosophical. On the practical side, it demonstrates that technological
change is inevitable but not unmanageable, and that with the right combination of training,
access, and social support, workers and societies can adapt. On the philosophical side, it
challenges societies to rethink what it means to be productive, creative, and human in an
increasingly automated world. As Al builds upon and accelerates the transformations initiated
by the digital age, it should not be seen as a wholly separate revolution, but rather as a
continuation and intensification of digital logic, a revolution whose success or failure will

depend on how well the lessons of the past are applied.
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Part 3: Current State of the AI Revolution

Having examined how past technological revolutions unfolded and reshaped work and
institutions over time, this section turns to the present moment: the state of the artificial
intelligence (Al) revolution in 2025. The aim is to assess how Al is currently being developed,
implemented, and experienced in the real economy, not as a speculative future, but as an
unfolding transformation. The objective is to map the current landscape, based on the most
recent data and observable changes across sectors and professions, particularly in France and
the broader European context. Unlike previous eras, this revolution combines exceptional
technical acceleration with high uncertainty about its future trajectory. It also emerges at a time
when societies are more interconnected, institutions more digitalized, and labor markets more
polarized than ever before. Therefore, understanding its impact demands not only technical
awareness but also a close examination of how adoption patterns, productivity trends, labor
shifts, and regulatory responses are interacting. This part of the thesis thus examines the current
capabilities and applications of Al, the ways in which it is affecting jobs sector by sector, and
the early evidence on whether it is generating productivity gains or presenting risks of
displacement. It serves as the empirical backbone of the study, before moving on to the

exploration of future trajectories and the formulation of recommendations.

Recent Developments in AI Technology

The recent surge in artificial intelligence, propelled by breakthroughs in deep learning
architectures, generative models, and the emergence of general-purpose Al systems, is
fundamentally reshaping the nature of cognitive labor across virtually every sector of the
economy. Although Al as a field has existed since the mid-20th century, it is only in the last 10

to 15 years that key technical advances have enabled it to make real-world impacts at scale. A
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watershed moment occurred in 2012, when a deep neural network trained on the ImageNet
dataset surpassed human-level performance in image classification, effectively launching the
deep learning revolution and reinvigorating interest and investment in neural networks. From
that point onward, progress accelerated rapidly. In 2016, Google DeepMind’s AlphaGo defeated
world champion Lee Sedol in the ancient game of Go, a feat previously thought to be a decade
away, by combining deep neural networks with reinforcement learning, showcasing that Al
could master complex decision environments that had long been the domain of human intuition.
This victory marked a symbolic and technical milestone, signaling the maturation of Al from
experimental prototypes to real cognitive challengers. Shortly after, new model architectures
known as transformers revolutionized natural language processing. Google’s BERT (2018) and
OpenAI’s GPT-2 (2019) demonstrated that large-scale language models trained on vast corpora
could generate coherent and contextually relevant text. This culminated in GPT-3 (2020), a 175-
billion parameter model capable of producing high-quality, human-like text across a wide range
of tasks. However, it was the release of ChatGPT in late 2022, built initially on GPT-3.5 and
later GPT-4, that truly marked a turning point in public adoption. As Ibrahim et al. (2025)
highlight, ChatGPT’s intuitive interface and capacity to generate emails, code, essays, and more
made it the fastest-growing consumer technology in history, reaching over 100 million users in
under two months. This unprecedented speed of adoption made the Al revolution feel suddenly
real and immediate, not only to experts but to the general public, indicating that Al had
transitioned from the lab to mainstream use, reshaping work routines, educational practices,
and creative industries in the process.

The rapid emergence of generative Al models like DALL-E, Midjourney, and Stable Diffusion
further demonstrated that AI’s capabilities extended far beyond language. These tools could
generate high-quality images and art based on simple text prompts, democratizing creative

expression while raising new questions about authorship, originality, and aesthetic judgment.
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Beyond the cultural sphere, Al has made substantial strides in decision-making and prediction
tasks, becoming foundational in industries such as finance (e.g., fraud detection and algorithmic
trading), healthcare (e.g., diagnostic imaging and predictive analytics), e-commerce (e.g.,
recommender systems), and customer service (e.g., chatbots and voice assistants). What
distinguishes the current wave of Al from previous technological innovations is not only its
versatility but also its cognitive dimension: Al today is capable of performing tasks that involve
perception, judgment, pattern recognition, and even creativity, domains that were traditionally
reserved for humans. Moreover, the speed of iteration and improvement in Al systems is
unprecedented. As noted by Héritier (2025), Al operates within a compounding innovation
loop, wherein more data and compute power lead to better models, which in turn create new
applications that generate even more data. This feedback loop creates accelerating returns,
meaning that Al models can become obsolete within months as newer architectures emerge.
The result is a rapidly widening capability gap between early adopters and laggards, particularly
in the business and public sectors, and a growing pressure on institutions and individuals to
adapt at unprecedented speed.

One of the most notable developments in this new phase is the rise of general-purpose Al
systems, such as GPT-4, which are not optimized for a single task but can be applied across
domains, ranging from programming and legal drafting to tutoring and design. This
generalizability makes Al distinct from previous technological tools like calculators or factory
machines, which typically performed narrow, task-specific functions. Instead, modern Al
behaves more like a cognitive co-pilot, capable of collaborating with humans across multiple
forms of intellectual labor. This represents not only a technical leap but also a paradigm shift in
how work, expertise, and productivity are understood. As Harari (2024) notes in Nexus, this is
an era in which humans will increasingly coexist with what he terms “Alien Intelligence”,

systems that do not share human consciousness, emotions, or reasoning structures, but that
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nevertheless outperform humans in a growing array of tasks. This alien intelligence, Harari
warns, may begin to influence not only work, but also thought, decision-making, and societal
governance, raising profound philosophical and ethical questions. Similarly, Ray Kurzweil’s
The Singularity is Nearer (2024) suggests that the acceleration of Al capabilities is likely to
exceed human biological intelligence within decades, catalyzing a “merger of biological and
machine intelligence” that will reshape not just labor markets but the entire human condition.
Whether this vision is embraced or feared, it underscores the transformative potential of recent
Al advances and the urgency of societal preparedness.

Yet, despite its capabilities, Al is not without limitations or risks. Current systems remain
opaque in their decision-making, often described as “black boxes” due to their lack of
explainability. They can reproduce biases present in their training data, generate plausible-
sounding but incorrect outputs, and lack true contextual understanding or moral reasoning.
These weaknesses become particularly critical in high-stakes applications such as healthcare,
criminal justice, or education, where algorithmic errors can lead to harmful consequences.
Therefore, many experts and organizations advocate for a “human-in-the-loop” approach, in
which Al supports human decision-makers rather than replacing them. For instance, doctors
may use Al-generated diagnostic suggestions but retain ultimate authority over patient care;
lawyers may rely on Al for contract drafting but apply legal judgment to finalize terms. This
model recognizes that Al excels at pattern recognition and scalability, but still relies on human
oversight for interpretation, ethics, and accountability. As such, the current narrative is shifting
from full automation to collaborative augmentation, emphasizing the complementary strengths
of humans and machines.

In Europe, this cautious approach is being formalized through regulatory frameworks. The
proposed EU Al Act, the first comprehensive legislation of its kind globally, aims to establish

rules for trustworthy Al development and deployment, categorizing applications by risk level
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and imposing stricter requirements on those deemed ‘“high risk.” While this may slow down
certain forms of innovation, it reflects a societal decision to prioritize ethics, safety, and human
rights over unchecked technological acceleration. This stands in contrast to more laissez-faire
environments like the United States or China, where commercial and geopolitical competition
drive a faster but potentially riskier rollout. The AI Act’s existence is itself a testament to how
the Al revolution differs from previous ones: rather than waiting for harms to emerge before
responding, as occurred with data privacy and social media, governments and civil society are
now trying to shape the trajectory of a technology while it is still being formed. Whether this
anticipatory governance succeeds remains to be seen, but it highlights a key point: the future of
Al will not be determined by technical progress alone, but by how humans choose to integrate,

regulate, and co-evolve with it.

Economic and Labor Market Impacts by Sector in France and Europe

AD’s current impact on the economy and labor can be observed unevenly across different
sectors. Adoption rates and effects vary widely: some industries are already deeply
incorporating Al, while others are barely touched. Let’s break down a few key sectors, ICT,
finance, healthcare, manufacturing, services, and the public sector, and examine how Al is
influencing them in France and Europe, based on recent data and studies.

e Information and Communication Technology (ICT) Sector: This sector is naturally at
the forefront of AI adoption. It includes software companies, IT services,
telecommunications, etc. According to FEurostat, in 2024 the information and
communication sector had the highest share of companies using Al, nearly 49% of EU
enterprises in this sector reported using at least one Al technology. These companies not
only use Al, they often build Al solutions. In France, big IT consulting firms and startups

alike are integrating Al into their products (e.g., French startups working on Al-driven
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cybersecurity or language processing). The impact on labor here is a classic case of
augmentation and new job creation: Al helps developers (through code autocompletion,
error detection) and enables new services (like Al-powered cloud platforms), thus
increasing demand for Al specialists, data scientists, and machine learning engineers.
Europe has a healthy demand for such roles, although there is a talent shortage, leading
to competition for skilled workers. While some routine IT jobs (like basic tech support
or infrastructure monitoring) can be automated by Al, these are often redeployed roles,
for example, a helpdesk might use an Al chatbot to handle common queries, freeing
human support staff to tackle more complex user problems. In essence, in ICT the net
effect so far is more job transformation and creation than elimination. However, there
is the challenge of upskilling existing IT workers in new Al tools continuously, as the
pace of change is rapid. Another impact is that Al can lower the barrier to entry for some
digital tasks (e.g., no-code Al platforms allow non-programmers to implement Al
solutions), potentially changing the skill profile needed in some teams (more focus on

domain knowledge, less on coding for certain applications).

Chart 1:

Enterprises using Al technologies by economic activity, EU, 2024
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o Finance Sector: Finance has been an early adopter of Al, using it for algorithmic trading,
risk assessment, customer service (chatbots in banking), fraud detection, and
personalized financial advice (robo-advisors). The ECB’s survey data noted that the
share of workers using Al is among the highest in financial services (see chart below).
European banks and insurance companies are actively investing in Al to streamline
operations. The labor impact in finance is nuanced: Al can automate a lot of data
analysis and routine paperwork (for instance, processing loan applications or analyzing
market data). This may reduce the need for certain analyst or back-office roles. One oft-
cited estimate by consulting firms is that tens of thousands of finance jobs (like basic
accounting, transaction processing) could be automated in coming years across Europe.
On the flip side, new roles in fintech and data analytics are growing. Employees in
finance are increasingly expected to interpret Al outputs rather than generate all analysis
from scratch. For example, an investment analyst might use an Al system to scan news
and earnings reports for signals, then use their expertise to make decisions. Productivity
gains in finance from Al are evident in efficiency metrics, many European banks have
reported cost reductions through Al automation. Importantly, finance is a sector where
trust and regulation constrain AI’s usage: regulations often require human accountability
for decisions (like loan approvals or trading algorithms), so fully replacing humans is
not straightforward or necessarily desirable. Instead, finance illustrates human-Al
collaboration, with Al handling high-frequency, high-volume tasks and humans
overseeing and handling exceptions. As Al continues to improve, roles like compliance
officers, risk managers, and financial advisers will likely shift towards supervising Al,
interpreting complex cases, and providing the human touch in client interactions that
machines can’t replicate.

Chart 2:
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Al usage and perceptions of impact across activity sectors
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workers independently of their Al usage.

Healthcare Sector: Healthcare in Europe has embraced Al more cautiously, but
momentum is building in specific areas. Al systems for medical imaging (radiology,
pathology) can assist in detecting anomalies like tumors with high accuracy. In
diagnostics, Al decision support tools can help doctors by suggesting possible diagnoses
from symptoms or by analyzing patterns in electronic health records. European
healthcare systems, often publicly run or regulated, tend to pilot these tools in controlled
studies before wide rollout. France, for example, has a national Al for health initiative
aiming to validate and deploy Al in healthcare settings safely. The impact on healthcare
workers so far is mostly in augmenting their capabilities. Radiologists with Al tools
might catch issues they could have missed (Al serving as a second pair of eyes),
potentially improving patient outcomes. This can slightly reduce workload per case,
enabling doctors to see more patients or focus on complex cases, a crucial benefit in
systems often strained by staff shortages. However, there is also resistance among some
healthcare professionals who worry about the reliability of Al or fear a “de-skilling” if

they rely too much on machine judgments. No significant job losses have been recorded
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due to Al in healthcare in Europe; rather the demand for healthcare services (due to
aging populations) is so high that Al is seen as a means to scale up capacity without
replacing personnel. One can foresee certain support roles (like medical scribes or some
administrative staff) being reduced if Al can automate documentation or scheduling.
But concurrently, new roles like health data analysts or Al system managers in hospitals
are emerging. A special consideration in healthcare is ethical and legal: Al errors can be
life-critical, so adoption is measured. This has the effect of slowing displacement,
humans remain firmly in charge. The lesson here is that in highly skilled, high-stakes
fields, Al is a tool for quality and efficiency, not a replacement; thus readiness involves
training health workers to effectively use Al (e.g., radiologists learning to interpret Al
outputs and integrate them into their diagnostic process). Europe is investing in such
training, for instance, the European Society of Radiology offers education on Al for
radiologists, indicating an understanding that human skills must evolve alongside Al.

Manufacturing Sector: Manufacturing has already been through waves of automation
(industrial robots are common on factory floors). Al adds a new dimension to
automation through smart robotics, predictive maintenance, and supply chain
optimization. In European factories (especially advanced manufacturing in countries
like Germany, France, Italy), Al-driven systems can predict equipment failures
(reducing downtime), optimize production schedules, and perform automated quality
control using computer vision. The adoption rate of Al in manufacturing is growing but
still moderate, Eurostat data showed that in most sectors outside of ICT and professional
services, Al usage was below 16% of firms (see chart 1). Manufacturing likely falls in
this range, though larger firms are adopting at a higher rate than small factories. The
impact on labor in manufacturing is twofold: Al can further reduce the number of

workers needed for routine assembly tasks (continuing the trend of industrial robots,
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which has already decreased those jobs), but it also creates demand for more technical
roles, such as robot technicians, data analysts to monitor production, and engineers to
implement Al solutions on the shop floor. The short-term displacement risk in
manufacturing is concentrated on roles that are routine and do not involve complex
manual dexterity (since robots handle structured tasks well, whereas humans are still
often needed for flexible assembly or craftsmanship tasks). For example, some
automotive factories now use Al vision systems for final inspection, which might reduce
the need for as many human inspectors. However, those human workers might be
reallocated to other quality assurance roles or upskilled to manage the Al systems.
Productivity gains in manufacturing from Al can be significant: even a few percentage
points improvement in uptime or defect reduction translates to large cost savings. A
McKinsey analysis found that Al-based predictive maintenance can reduce maintenance
costs by up to 10% and downtime by up to 20%, which can indirectly support jobs by
making a plant more competitive (potentially preventing offshoring or closure)
(Héritier, 2025). The historical parallel here is the mechanization era, machines took
over some physical tasks; now Al takes some decision tasks in manufacturing.
Companies that have embraced Industry 4.0 (the integration of IoT, AL, cloud computing
in industry) are seeing increased demand for skilled workers who can interpret data and
maintain complex automated systems, even as the number of pure assemblers declines.
In Europe, vocational training programs are being updated to reflect this, teaching
apprentices not just traditional machining, but also how to interface with automated, Al-
equipped machinery.

Service Sectors (Retail, Hospitality, Customer Service): These sectors employ a large
portion of the workforce, including many lower-skilled jobs, so AI’s impact here is

critical for overall labor market effects. So far, Al in retail includes things like inventory
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management systems, personalized marketing, and cashier-less checkout systems (as
seen in some advanced stores). In hospitality (hotels, restaurants), Al is less visible but
appears in dynamic pricing, chatbots for customer inquiries, and maybe basic service
robots in experimental cases. Job impact: In retail, automation (self-checkouts, etc.) has
been reducing cashier jobs for years, and Al can accelerate that by improving automated
store technology. However, retail also generates new jobs in e-commerce (warehouse
jobs, delivery, though those can also be automated to an extent). Europe’s retail
employment has seen shifts from traditional stores to logistics/distribution centers due
to e-commerce; Al is deeply embedded in e-commerce platforms (recommendation
engines, warehouse picking algorithms). The overall effect is a reallocation, fewer jobs
on the shop floor, more in warehouses and delivery, at least in the medium term. In
customer service (call centers, support lines), Al chatbots and voice assistants have
started handling basic Tier-1 inquiries. This could displace some call center roles, which
are often offshored in any case. Yet, as anyone who’s been frustrated by a bot knows,
human agents are still needed for complex or sensitive issues. The likely scenario is one
where the straightforward queries are handled by Al, and human customer service
representatives focus on higher-value interactions, again an augmentation pattern.
Training for those representatives then emphasizes skills like problem-solving and
empathy, while the Al provides them relevant information quickly. The net effect could
be fewer total support agents needed per volume of customers served, but those agents
might be doing more fulfilling work (as rote FAQ answering is taken by the bot). This
aligns with surveys where about 73% of French companies using Al said it helped
develop employees’ skills(Half of French Companies Won’t Use Al, 2023)- presumably

because employees shift to more advanced tasks once Al takes over the simple ones.
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e Public Sector and Education: It is worth noting briefly that government services and
education are also experimenting with Al in Europe. Examples include Al systems to
triage administrative requests, or even to help grade exams or personalize student
learning. These are in pilot stages. The impact on public sector jobs is minimal so far,
it’s more about improving service delivery. In education, AI might reduce some
administrative burden on teachers (like automating grading of objective tests), but the
core teaching role remains highly human. The key here is improving outcomes (e.g.,
identifying students who need help via learning analytics) rather than cutting jobs.

When analyzing developments across sectors, a clear pattern emerges: jobs are not monolithic
entities but consist of multiple tasks, and Al typically automates specific tasks rather than
eliminating entire jobs outright. The OECD has found that in many Al implementations to date,
job reorganization is more common than job replacement, tasks are reallocated between humans
and machines, and roles are redefined, but very few cases of one-to-one job elimination have
occurred so far (Milanez, 2023). For example, a bank that introduces an Al underwriting tool
might repurpose loan officers to focus on client relationships and business development rather
than removing their positions entirely. Similarly, a factory that integrates Al-powered quality
control may retrain its inspectors to also program and maintain the vision systems.This dynamic
supports the concept of augmentation: Al taking over specific routine or data-heavy
components of work, thereby enhancing human workers’ abilities. In theory, augmented
workers can be more productive and are able to focus more on creative or interpersonal aspects
of their jobs. Indeed, in multiple surveys, a majority of workers using Al report that it has
increased their productivity or allowed them to concentrate on more important tasks. For
instance, one European survey found that 62% of workers expected Al’s impact on their job to
be positive, citing time saved and an increased ability to focus on higher-value activities (57%

of Workers Want Al Training From Their Companies. We Must Empower Them, 2025). This is
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a crucial observation: augmentation can transform a feared scenario of displacement into a
narrative of productivity gains, but it depends on thoughtful Al integration and often
necessitates a redesign of workflows. Companies at the forefront of such strategies, often large
firms in technology, finance, and related sectors, are already seeing significant performance
improvements. Two-thirds of highly “digitalised” establishments in the EU (a status which
often includes Al adoption) have expanded employment in recent years, compared to only about
one-third of low-digital establishments (Employment Impact of Digitalisation, European
Foundation for the Improvement of Living and Working Conditions). This suggests that firms
integrating advanced technologies, including Al, are not just automating, they are growing,
hiring, and innovating, becoming more competitive or generating new offerings. In contrast,
firms that fail to adopt digital tools often stagnate. Such trends point to an emerging productivity
gap: companies and regions that implement Al effectively could see accelerated growth, while
others risk falling behind. In economic terms, this may amplify productivity differences across
Europe, for example, between a highly automated German manufacturing firm and a less
automated counterpart in another country. Addressing this gap is one reason why the EU and
national governments are promoting initiatives like the Digital Decade targets. In France, for
instance, the objective is for 75% of businesses to adopt Al by 2030 (France | AWS, 2024).
These policies aim to encourage broad diffusion of Al to ensure that the benefits are widely

shared, and that no region or industry is left entirely behind.

Productivity Gains, Displacement Risks, and Augmentation

While the discourse around artificial intelligence often evokes images of rapid transformation
and widespread disruption, the onset of the Al revolution in Europe has been relatively slow, at
least slower than initially expected. Many experts and institutions predicted more immediate

upheaval, but as is often the case with general-purpose technologies, early progress tends to be
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incremental and underwhelming, until it is not. What is now beginning to emerge is the tipping
point of exponential acceleration, a pattern described by Ray Kurzweil in The Singularity is
Nearer as the Law of Accelerating Returns. According to this principle, the rate of change
induced by technological systems does not progress linearly but compounds, implying that the
impact of Al on labor markets and the economy over the next two years may vastly outweigh
that of the previous ten. This exponential nature makes the current moment particularly critical.
For younger generations just entering the labor market, this trend is especially concerning. What
was once perceived as a distant horizon is now materializing rapidly, leaving little time for
adaptation. In practice, many large corporations have already begun reorganizing their
workforce in anticipation of these changes. A notable example is Unilever, which in summer
2024 launched its “Productivity Program,” eliminating one-third of its corporate office jobs
across Europe and citing the integration of Al and automation as a key rationale (FoodBeyv,
2024). This development suggests that while public datasets may not yet fully reflect the extent
of Al-driven displacement, restructuring is already underway behind the scenes.

Despite this, the macroeconomic outlook remains cautiously optimistic, particularly with regard
to productivity. According to a 2023 McKinsey report, generative Al could contribute trillions
of dollars in global value, driven by efficiency gains, innovation, and process streamlining. In
Europe, France alone could add €589 billion to its economy by 2030 if current adoption trends
continue. Firm-level benefits are already being reported: 91% of Al-adopting French companies
report improved efficiency, 73% note cost savings, and 71% report streamlined internal
processes (France | AWS, 2024). These improvements indicate that AI, when implemented
effectively, enables doing more with fewer resources, increasing profitability and potentially
living standards, provided the gains are broadly distributed. However, such productivity gains
are not automatic. As historical examples suggest, complementary investments in skills,

education, and organizational adaptation are essential to ensuring that technological progress
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yields economic and social benefits. Without such measures, the risk of a “productivity
paradox,” where technology’s potential fails to deliver macro-level improvements due to
institutional inertia, remains real.

On the issue of job displacement, existing data supports a more balanced view. According to
the OECD’s Future of Work program, 27% of jobs across member states contain tasks that are
highly automatable, while only 9% are considered fully at risk of automation (Xu et al., 2023).
In France, the full automation risk is estimated to be slightly lower, at around 7-10%, due to a
smaller share of routine-based occupations. This suggests that although few jobs will disappear
entirely, many will be restructured, with certain tasks automated and others redefined. The
central challenge is not net job loss, but rather the massive turnover in job types and skills,
which will require effective systems for retraining and reallocation. The roles most at risk
continue to be those involving routine, repetitive tasks, such as data entry clerks, basic
accounting staff, or assembly line supervisors. In contrast, low-skill roles requiring situational
flexibility (such as cleaning or delivery work) remain relatively insulated, while high-skill jobs
involving creativity, interpersonal communication, or abstract reasoning are still largely
resistant to full automation.

Nonetheless, even these “safe” high-skill roles are undergoing transformation. Jobs are
increasingly defined not only by domain expertise but by the ability to collaborate with Al
systems. For example, a journalist may now be expected to use Al tools for transcription or
initial drafting, while focusing more time on interviews and investigative work. In healthcare,
radiologists must learn to interpret Al-assisted diagnostics rather than relying solely on manual
analysis. According to the OECD’s 2024 report on Al in the workplace, approximately 60% of
European workers express concern that Al could replace their jobs in the next decade, but an
equal proportion also report that Al may reduce their workload and enhance productivity

(OECD, 2024). This duality reflects a broader truth: AI’s impact is determined less by the
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technology itself than by how it is implemented. If Al is used primarily to reduce headcount
and cut costs, the resulting narrative will center on displacement. If it is employed to enhance
human capacity, allowing workers to focus on more meaningful, creative, or high-value tasks,
the outcome is one of augmentation. This distinction is not merely theoretical. In practice, many
European firms are already pursuing augmentation-oriented strategies, often influenced by
labor norms, collective bargaining, or regulatory environments. For example, when a bank
deploys Al-driven chatbots in its customer service department, it may not engage in mass
layoffs. Instead, it coul retrain existing staff to supervise the Al systems or to focus on more
complex client interactions. Such practices demonstrate that workforce transformation is not
inevitable in a negative sense; it can be guided, negotiated, and supported.

Nevertheless, the risk of inequality must not be underestimated. The Adecco Group’s 2025
workforce study highlights the emergence of a growing “Al divide.” Workers equipped with
digital and Al skills are already benefiting disproportionately in the form of higher wages,
greater autonomy, and improved employment security, while those without such skills face
stagnation or exclusion. This mirrors patterns observed during the digital revolution, in which
IT-proficient professionals prospered while routine workers experienced wage suppression or
job displacement (Technology at Work, 2016). Without targeted interventions, Al could further
widen wage gaps and opportunity disparities. Notably, 57% of workers across Europe report
wanting Al training from their employers, yet only a minority currently receive it (57% of
Workers Want Al Training From Their Companies, 2025). For employers, the business case for
investing in upskilling is clear: training current employees is often more cost-effective and
sustainable than recruiting externally for Al-proficient talent.

Beyond employment numbers, job quality is also at stake. If implemented properly, Al can
improve working conditions, by eliminating drudgery, freeing up time for creative activities,

and making roles more intellectually engaging. A journalist might spend more time reporting
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in the field; a customer service agent might only handle nuanced or sensitive inquiries.
However, misapplication of Al can degrade work. Some tools facilitate invasive monitoring,
tracking productivity minute by minute, which may erode trust and morale. Others may leave
employees responsible for managing unreliable or unpredictable Al systems, leading to
frustration and disengagement. According to Lane, Williams, and Broecke (2023) at the OECD,
the general sentiment among European employers and workers remains moderately positive,
but concerns persist about privacy, fairness, and the erosion of workplace autonomy. This is
why European policymakers are placing increased emphasis on developing frameworks for
“Trustworthy AI”, Al that is transparent, explainable, fair, and aligned with core human values.
In summary, the Al revolution in Europe is still in its early stages, but its trajectory is clearly
accelerating. While economic benefits related to productivity and innovation are increasingly
measurable, labor market impacts remain complex. Most jobs are not being eliminated, but
rather restructured, with tasks reassigned and roles redefined. For now, augmentation appears
more common than displacement, but the next phase of Al integration may be faster and more
disruptive. Younger workers, in particular, must be prepared to adapt with agility. The key issue
is no longer whether Al will transform work, it already is, but whether adaptation will be
collective and equitable. If broad training, fair policies, and ethical integration are prioritized,
Al can become a tool for empowerment. If society fails to prepare, it risks deepening inequality
and leaving millions behind. As the historical record has shown, technological revolutions
succeed not through innovation alone, but through vision, coordination, and a commitment to

shared progress.
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Part 4: What the Future May Look Like and Some Transition

Strategies

Having mapped both the historical precedents of major technological shifts and the current
empirical realities of Al adoption across sectors, this final section turns toward the future, not
to predict it, but to examine the emerging contours of what lies ahead. The Al revolution, as
previously discussed, differs profoundly from past transformations in its exponential pace, its
general-purpose nature, and the early signs of structural disruption it is already causing. As
outlined in the preceding analysis, even leading developers and corporate actors now publicly
acknowledge the possibility that society is entering a phase of mass reorganization, where entry-
level white-collar jobs and traditional career paths are rapidly disappearing. At the same time,
as evidenced in sectors such as finance, healthcare, and manufacturing, adaptation is occurring,
but it remains uneven, difficult, and highly dependent on institutional and organizational
context. It is within this ambiguous space, between opportunity and dislocation, that the
question must now be raised: what trajectories are realistically emerging, and how can
individuals prepare for them? This section brings together the thesis’s prior findings to consider
plausible time horizons for change and offers grounded, non-prescriptive reflections on how
workers, whether new graduates or experienced professionals, can navigate a world in which
skillsets expire quickly and reinvention becomes essential. The objective is not to present
universal solutions, but rather to recognize the uncertainty and urgency of the current moment
and to propose a flexible framework for thinking strategically about resilience, human value,

and continued relevance in an economy increasingly shaped by Al systems.
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The Time Horizons of Change and Emerging Concerns

If there is one element that defines the Al revolution compared to those of the past, it is the
unpredictability and asymmetry of its timeline. While many technologies of prior industrial eras
took decades to reshape work and institutions, the evolution of Al, particularly general-purpose
models, follows a fundamentally different logic. As Ray Kurzweil formulates in his theory of
the “Law of Accelerating Returns,” each iteration of progress accelerates the next, leading to
compounding, exponential transformations. This logic implies that the apparent slowness of
AD’s integration in recent years could merely represent the deceptive calm before a rapid
inflection point. In fact, this inflection phase has already begun.

Short-term trends (within one year) reveal structural reorganizations within major corporations
and a shift in hiring logic, moves that are already affecting job availability for young graduates.
Mid-term projections (one to five years) are particularly alarming: according to Dario Amodei,
CEO of Anthropic, up to 50% of white-collar entry-level jobs may be eliminated during this
horizon, potentially raising unemployment in advanced economies to levels unseen since the
industrial restructuring of the 1980s. What is especially striking is not just the content of this
prediction, but the fact that it comes from a central figure in the development of these
technologies. This concern is shared by other influential voices, such as Geoffrey Hinton, who
left Google to express his apprehensions about AI’s societal consequences, a perspective that
contrasts sharply with the historical optimism that often accompanied previous technological
shifts.

Concrete examples of this shift are already visible. As mentionned before, in 2024 Unilever,
initiated their “Productivity Program” that planned to eliminate one-third of its European office
jobs, gain in Al efficiency were a driver for this transformation. Similar restructurings are being
implemented across other sectors: Amazon CEO Andy Jassy has acknowledged workforce

reductions linked to generative Al, while BT Group’s CEO Allison Kirkby has tied plans to cut
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up to 55,000 jobs by 2030 to the deployment of automated systems. These developments
suggest that the adaptation cycle currently underway is far more compressed and disruptive
than those of the past.

If the short term is defined by anxiety and the mid term by rapid displacement, the long-term
horizon (five to ten years) presents both potential and peril. On the one hand, it may bring about
a structural reorganization of labor markets and institutions, provided that appropriate
safeguards and learning mechanisms are implemented. On the other hand, it may exacerbate
inequality, dislocation, and the erosion of entry pathways into skilled employment. Scholars
such as Martin Ford argue that the nature of job creation in this cycle will not be symmetrical.
While new roles are expected to emerge, many will require high-level hybrid expertise or deep
technical training, qualifications that may remain inaccessible to the majority of displaced
workers.

Furthermore, unlike in prior waves of automation, where the destruction of jobs was often offset
by the growth of new industries, the current Al economy appears to be consolidating around a
smaller number of highly capital-intensive firms. Even the more optimistic projections, such as
those from the World Economic Forum, concede that while the total number of jobs might
remain stable or even increase, the composition and accessibility of those jobs will change
dramatically. Displaced workers are unlikely to transition easily into roles such as “prompt
engineer” or “Al systems auditor” without institutional support, comprehensive retraining, and
time, resources that many do not currently possess.

This uncertainty is further exacerbated by the erosion of traditional career entry points. As
entry-level positions are automated, the mentoring, apprenticeship, and on-the-job learning they
once provided are vanishing. This could result in a “lost generation” of workers who lack the

opportunity to gain the professional experience necessary to build sustainable careers. The risk
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is not limited to job loss, it extends to the potential collapse of the very structure through which
professional skills are acquired and developed.

For those now entering the labor market, the central concern is not Al itself, but rather the
absence of guidance, policy, and long-term vision surrounding its deployment. Without
strategic action from public institutions and private actors alike, the Al revolution may not be
remembered for the jobs it created, but for the ones it erased before society had the chance to
adapt. The following section explores how individuals, especially younger professionals, can
push back against this scenario, not only by acquiring new skills, but also by transforming how
they approach work, learning, and long-term relevance in an economy increasingly shaped by

intelligent systems.

How Individuals Can Adapt and Stay Relevant

As demonstrated throughout this thesis, the nature of the Al revolution renders any attempt to
prescribe fixed individual strategies deeply uncertain. The pace of technological acceleration,
the general-purpose nature of Al, and its uneven integration across sectors all contribute to a
context in which traditional career planning has become increasingly fragile. Rather than
offering prescriptive advice, this section synthesizes the key signals that have emerged
throughout the research, a convergence of expert insights, labor data, and observable trends that
suggest how individuals, whether newly entering the labor market or already established, might
begin to orient themselves. The objective is not to present a definitive roadmap, but to outline
the contours of a professional landscape that is shifting in real time.

One of the most consistent findings is that adaptability is no longer a soft skill, but a survival
imperative. In an environment where both new graduates and mid-career professionals may be
required to entirely reorient their careers, even after years of specialization, agility becomes

critical. In high-exposure sectors where automation is rapidly reducing demand, such as
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customer service, administration, and back-office analysis, there is no guarantee that upskilling
within the same domain will offer long-term stability. The prospect of total professional
reinvention, once exceptional, is becoming increasingly normalized.

This disruption is particularly acute for younger professionals. As previously discussed, Al
systems are already absorbing many of the repetitive and entry-level tasks that historically
served as gateways into stable careers. These tasks, basic drafting, reporting, sorting, and data
preparation, were not only operationally useful but developmentally essential, allowing new
hires to learn, receive feedback, and gradually assume more complex responsibilities. With
these entry points vanishing, early-career workers now face a paradox: they are expected to
deliver immediate value, yet the traditional pathways through which such value was cultivated
have been automated.

In response, younger professionals must increasingly look beyond formal employment
structures to build relevant skills, through self-directed projects, experimentation with Al tools,
contributions to open platforms, or interdisciplinary learning. A premium is emerging for those
who can demonstrate fluency not within a static technical domain, but in combining Al with
human insight: the ability to generate, evaluate, and apply Al outputs contextually.
Employability is thus shifting from a function of what individuals know to how quickly they
can learn, recombine, and adapt, often across disciplines.

These pressures are not limited to newcomers. Many experienced professionals also find
themselves at a crossroads. Those who have spent years building expertise in narrow or
procedural roles may now discover that key aspects of their work can be replicated by Al with
greater speed or accuracy. This is particularly destabilizing for those whose professional
identity is closely tied to a specific task or discipline. Yet, many in this group hold valuable
contextual, interpersonal, or strategic knowledge that remains difficult for Al to replicate. For

them, the challenge lies in converting experience into new forms of relevance, supervising Al
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systems, integrating them into workflows, or mentoring others on hybrid human-machine
collaboration. While some will successfully reposition themselves within existing fields, others
may need to accept the harder reality of reskilling entirely, transitioning into adjacent sectors,
or moving into growing domains such as sustainability, education, or healthcare. The emotional
and financial costs of such a pivot should not be underestimated, but neither should the risks of
remaining in declining roles due to habit or fear.

Not all future value will stem from technical mastery or strategic agility. As highlighted
throughout this thesis, there are entire spheres of labor where human imperfection, subjectivity,
and presence are not flaws but essential assets. This is evident in education, care work, creative
professions, and certain forms of leadership. A particularly illustrative example is chess:
although machines now outperform the best human players, people continue to follow
grandmasters, not because they are superior, but because the human story, with all its risks,
emotions, and improvisations, remains compelling. This “human premium” is an economically
significant phenomenon. Consumers, clients, and colleagues often prefer human interaction
even when automation is possible. Workers who can identify and strengthen these areas of
uniquely human value will likely find more enduring professional relevance. These roles are
not insulated from Al due to inefficiency, but because they matter in ways Al cannot replicate,
empathy, contextual understanding, ethical discernment, and the capacity to build trust
However, such roles remain in the minority. For most of the workforce, the only viable path
forward lies in continuous reinvention. This demands a departure from linear career models and
an embrace of ongoing realignment, acquiring new tools, shifting between roles, and rethinking
professional identity in relation to evolving technological capabilities. For both early- and mid-
career professionals, this also entails developing algorithmic literacy, not only knowing how to
operate Al tools, but also understanding how to frame their outputs, supervise their decision-

making processes, and discern when they should not be used. This is increasingly relevant in
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work environments structured around human-AlI collaboration. The most competitive profiles
will not necessarily be the most technical, but the most adaptive, those able to navigate between
domains, think critically about new tools, and apply them responsibly in real-world contexts.

In summary, individuals today operate in an exceptionally fluid labor landscape, where success
depends less on formal credentials and more on speed, curiosity, flexibility, and judgment. For
some, stability may be found in the enduring human dimensions of work; for others, survival
may require full reinvention. Crucially, the responsibility for preparing individuals for such
futures cannot rest on them alone. As the next section explores, this adaptation must be
supported structurally, through thoughtful policy, inclusive education, and institutional reform,

if it is to be both effective and equitable.
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Conclusion

This thesis set out to explore the question: “how prepared are employees to embrace the Al
revolution, and what lessons can be drawn from past technological transformations to ensure
success?” The research conducted across historical comparisons, sectoral analysis, theoretical
models, and current labor data reveals that the answer is multifaceted and deeply contextual.
While clear momentum exists in Al adoption and awareness is growing among workers
regarding the need to adapt, readiness remains far from evenly distributed. Employees in highly
digitized sectors or large firms tend to benefit from early exposure, training initiatives, and
organizational cultures that support experimentation. In contrast, those in routine-intensive
roles, smaller enterprises, or lower-skilled positions face higher risks of displacement and fewer
opportunities for structured support. This divergence indicates the emergence of what may
become a structural divide, not only between those with Al fluency and those without, but also
between those whose professional environments facilitate adaptation and those who must
navigate disruption in isolation.

As shown throughout the thesis, adaptation during previous technological revolutions was
never automatic; it was made possible by strong institutions, accessible education systems, and
robust social protections. The current Al-driven transition presents new challenges, but it also
echoes these historical patterns. However, unlike in earlier eras, this revolution is unfolding
with unprecedented speed and scope, propelled by technologies capable of replicating or
augmenting core aspects of human cognition. The labor market of the future will demand not
only technical competencies but also flexibility, self-direction, and the ability to operate in
hybrid environments where human and algorithmic agents collaborate. For many, meeting these
demands will entail re-skilling or even complete professional reinvention, processes that can be

either empowering or destabilizing, depending on the support structures available.
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The findings of the thesis underscore that while individual adaptability is critical, it cannot bear
the entire burden of transition. Structural support, policy coherence, and collective foresight are
equally essential to ensuring that the Al transformation is equitable. It is precisely at this
juncture that a deeper dimension of the challenge becomes apparent. While the focus of this
thesis has been on employee preparedness, a potentially more urgent question is emerging: how
prepared are institutions and policymakers to manage the Al revolution with the seriousness
and responsibility it requires? Employees do not navigate this transformation in a vacuum; they
are embedded in broader systems of governance, regulation, education, and labor protection. If
these systems are not sufficiently agile to evolve alongside Al, even the most motivated and
adaptable individuals will struggle to keep pace. The warnings of leading technologists such as
Dario Amodei and Geoffrey Hinton suggest that society may be underestimating the scale and
velocity of change. Meanwhile, governmental institutions continue to operate within
frameworks designed for slower, more incremental industrial transformations.

Thus, the question of political and institutional readiness, how well decision-makers
understand, anticipate, and respond to the dynamics of Al, emerges as a logical continuation of
this line of inquiry. A future thesis could investigate this institutional dimension of preparedness
by analyzing policy agility, regulatory innovation, and the ethical frameworks being developed
(or neglected) in the face of Al integration. If employees are to thrive in the age of intelligent
machines, the human systems surrounding them must evolve in tandem. Understanding whether

those systems are ready may ultimately be the most consequential question of all.
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