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PRELIMINARY RESULTS

We analyzed 57,410 individuals with incident MCI (9,236 cases vs 48,174 controls; 57%
female; 34% age 65-74, 46% 75-84). In Phase-1 screening, several drugs were
significantly associated with lower odds of AD and replicated in the temporal split. Signals
that agree across designs (new-user and prevalent-user) include albuterol, amoxicillin,
dexamethasone, fluticasone, gabapentin, glucagon-like peptide agents, loop diuretics,
losartan, and proton pump inhibitors; statin, and hydrochlorothiazide showed non-
significance 1n prevalent-user. Statins, atenolol, metformin, and sildenafil were

INTRODUCTION

Alzheimer’s disease (AD) affects over 6.9 million U.S. adults aged >65, with annual costs exceeding $360 billion'.
Individuals with mild cognitive impairment (MCI) progress to AD at rates far higher than the general population,
making them 1deal for studying early therapeutic etfects?. Despite over 570 proposed repurposed drugs (2012—
2022), none 1dentified through EHR-based studies have achieved clinical approval®. We applied an analytic
framework to assess associations between medication use and MCI-to-AD progression, finding that many drugs

appeared significant, highlighting the need for more rigorous, confounding-aware analyses to validate true
therapeutic potential.
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Phase 1: Identify and screen candidate drugs using logistic regression with temporal validation. Multivariate The Discovery and Validation plots can be accessed using the QR code:
logistic regression; report OR and p-values 1n full, discovery, and validation sets.

Phase 2(Future Work): Validate significant candidates using target trial emulation with propensity score- CONCLUSIONS

based methods. Predefined eligibility/strategies/time-zero/follow-up. Our results are consistent with prior real-world studies but should be interpreted as
preliminary screening signals rather than causal estimates. The widespread significance
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